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WG involvement in WMO projects/activities

- SWFDP8 Workshop in March 2018 (Viet Nam) including verification traini

- Winter Olympics 20R$eongChahigDrafted verification plan. Actual verifica
be performed after the Olympics.

- HIGHWAY/ L. Victorteunded by UBfID Research into the surface observati
availability on GTS. Case studies into lightning diagnostics. Weilnsée for re
forecasts and monthly verification staostiessoncluded in March 2020.

-AvVRDR Working on verification guidelines for convection with focus on u

-TLFDR WG member in SC contributing to verification planning. Ctjieagby
End in Dec 2018.

- CBS Flash flood verification. Developed guidance document.



WG involvement in WWRP/WCRP

i PPP Verification activities focussed on Year of Polar Predictiongfy@iriglly
coordinated period of intensive observatdeingredictigrverificatiQmuserengag
andeducatioactivitiesY OPP is a key component of the Polar Prediction Proje

HIWI Contributing to verification activities through the evaluation task team

S2S (joint WWRP/WCGHRIPPduced chapter and scientific papers on S2S verif

- Book: Subeasonal to seasonal prediction. The gap between weather and c
forecastingSEdition, Oct 2018). Chapter 16: Forecast verification for S2S tin
- A verification framework for South Amenrsaassuial precipitation predictions

- Global precipitatlundcasfjuality assessment ofSbbseasontid Seasonal (S2S
prediction project models




spp activiies:  dummary: ongoing YOPP verification activities

Lead by Barbara Casati

1. NWP process-based evaluation against high frequesAuliin'zlEiE
observations at the YOPP super-sites.
« A unique dataset of paired NWP model output and mufi€eiEica i}y
frequency obs which enables detailed process-based slElo]glok;ileF
* Target processes: clouds micro- and macro-physics; agges{elEx:1ls Ra)Ye (e
meteors micro-physics; radiation, turbulence and enerjjg ..budget%;
energy and momentum fluxes. .

2. Operational summary verification scores: ——
o

* YOPP is providing the framework for analyz}gﬁ%ﬂ{re it vé?ifiga,’_[;iﬁﬁ‘_ﬁ:

practices in the Polar Regions, propose fioye ﬁﬁ@ﬁoﬁgha\%};@ém .
issues and investigate solutions R TR W ‘*'! rihy

3. Verification of sea-ice prediction during YOPP
* User-informative distance metrics alongside traditional
scores

Thank yOU! barbara.casati@canada.ca
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Sampling strategies and informatewvelsfor subseasonal verificatior
Proposedramework for quantitatigab-seasonaprecip forecast quality assessment

AlLevel 1: Target wekkndcastverification(1lens members) AL arge degree of differences ir
Similar to traditional seasonal forecast verification (~30 samples) some characteristics of
UsesECMWF S28ndcastdntializedon Thu 14 April, 7 April, 31 March : Subseasonahindcastsand
24 March of the 2016 calendar for the perioe?029620 samples) real time forecasts, directly

impacting the verification

Alevel 2: All seasdrindcastverification(11lens members) Increased robustnef’,am'oIe SIZ€.

In addition to thhindcastsproduced for the four Thu initializati@tes previouslgelected, aggregates
hindcastgroduced for ninadditional initializatiotiates during the weeks of the previous and followin
month in order toncorporate in the sample lathdcastanitialized on Thu of March, Apnd Mayf the
2016ecalendak260 samples: 13 initialization dates times 20 years)

MAM: Austral summer season, similar atmospheric features in S. Aregiocen

Al evel 3: All seasamear real time forecast verificat{dhtens members)
Aggregate the real time forecasts produced on Thu during the 13 éaichpApriand May of each of
the pasthree years (2015, 2016 and Rdlvsaggregation leads to a verification sample of 39 pairs o
nearrealtimeforecastsand observations (39 samples: 13 initialization dates times 3 years)

Coelho, Caif.S; Firpg MariA.F;, deAndrade, Felipe M., 204 8erification framework for
South American stdeasonal precipitation predictioWeteorologisch2eitschrift



Discrimination comparative assessmen
Area under the ROC curve for eventp@gip anom

|
ent positive precip gnem event positive precip anom went pasitive precip anom i are
ECMWF SZS d t b led 1 4APR/1990—2015 i Tasued 0IAPR /1 S95—3015 hind Tomued 31MARS 19953615 hind P
1 Yy - Aoy
oo

"
54
p oz .
¥ c: ;
! g T .‘ . el R
B W i
) ¢ o
B i - HE
s u u .
.
- =i -
1; ; 1;
g

e sitive reclg anom
55 24MAR)3199 =215 hind

d) RO
week 15—
[ i

Levell:
Targetwveek

hindcastverification .| #* Issued
in adv

ed | /E2E7 Issped .| 55 Isslyed
sinadv.. 7o . 3weeksin adv. P . 4 weeks in adv

Level2: RUE s
All season
hindcastverification q o fE7 1ssued d | &% 1ssusd
n adv - L -2 weeks|in adv nadv - -4 weeks|in adv
W k- . w ;;';:)]2?1' 8 ) P m\ W w S LSty S
Level3: %
All season :
nearreal time
forecastverification Isued | pd jed
L _ 2weeksinadv . in adv. sin adv
CoelhoFirpag deAndrade, 2018~ -

Discriminationability to distinguish events from revents oE o



How well in phase are sub-seasonal precip. predicted anomalies
with the corresponding observations?
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FelipeM.deAndrade, CalA.S.Coelho, IracenfaA. Cavalcanti, 2018lobal precipitationindcast
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What is the relationship btw .

West Pacific (10S-10N/150E-180)

Indian Ocean (10S-10N/60E-100E)
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Maritime Continent (10S-10N/100E-140E)

Northeastern Brazil (155-0/55W-35W)

Correlation (Precipitation)

Linear association btw MJO agumdcip prediction
ability
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Ocearmatmosphere coupling likely has an important
contribution for providing betteubseasonallJO and
precipitation prediction ability, particularly on the

Bivariate Correlation (RMM)
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tropical region.

Correlation (Precipitation)

Southeastern USA (25N-40N/100W-80W)

South Brazil (355-255/65W-55W)

Correlation (Precipitation)
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Probability of detection (hit rate)

Quantifying observation uncertainty on verification measures - A

ROC curve for the "whole area” at Jun-21-2007 18 UTC
PAR=Wind speed [m/s]; FC: CLE; OBS: VERA "rf"; thold: 2 [m/s]

MesoVICT example
Manfred Dorninger and Simon Kloiber

email: Manfred.Dorninger@univie.ac.at

University of Vienna, Department of Meteorology and Geophysics; Vienna, Austria

ROC curve for the "whole area" at Jun-21-2007 18 UTC
PAR=Wind speed [mys]; FC: CLE; Ens: VERA "equ-qc"; thold: 2 [mys]
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Use of analysis ensemble allows quantification of uncertainty in verification !




Process-oriented verification

Thomas Haiden, ECMWF and JWGFVR

<~ ECMWF



